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Methods
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Met Jati del with In the above graphs, mean values for between the modeled suitability and true suitability are shown for three simulated species. The error bars show the
6 . € apoPu al IO!I model wi standard deviation over the 100 model runs. Each bar shows a different fitted model, with static variables (soil, vegetation cover, and land-use) included
dynamic spatial structure in the model (in), excluded (out), or used as a mask. For details, see Stanton et al. (2011).

Conclusions and recommendations

For studies designed to predict future change in a species’ habitat or distribution as a result of climate change, we recommend that:
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* static variables that are highly correlated with climate variables, and which have only indirect influences on species distributions, such as elevation, be
excluded;

* static variables that are known or suspected to interact with climate variables, such as soil, be included in the model as additional explanatory
variables (i.e., as input layers);

static variables that are not expected to interact with climate variables be either included in the model as additional variables, or used as a mask to
remove areas that are not suitable;

dynamic non-climate variables (e.g., those related to human land use) that are expected to change in the future be either included in the model as
additional variables, or used as a mask to remove areas that are not suitable, even if future change in these variables cannot be predicted, and thus

.

2 5 only the current maps can be used (if these variables are used as a mask, we recommend that the mask is not overly restrictive).
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